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Research on neighborhood-level effects on intimate partner violence (IPV) has
expanded significantly in the past two decades. However, to date, studies have
been unable to disentangle compositional and contextual effects on IPV and
have rarely considered the social mechanisms that might link neighborhood
conditions to IPV. Using data from the Project on Human Development in
Chicago Neighborhoods, this study considers individual and contextual influences on violence between partners, and examines the effects of disadvantage
and collective efficacy on this type of behavior. Results indicate that neighborhood disadvantage significantly increases and collective efficacy significantly
decreases IPV after controlling for individual-level correlates. Our findings add to
a growing body of evidence suggesting that as with street crime, neighbor- hood
disadvantage also exacerbates rates of IPV. However, unlike street crime, the
impact of disadvantage on IPV does not appear to be mediated by collective
efficacy. Understanding how collective efficacy affects violence between partners remains an open issue.
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Introduction
It is well established that the prevalence of street crime is influenced by communitylevel processes and characteristics (Bursik, 1988; Bursik & Grasmick, 1993;
Kubrin & Weitzer, 2003; Sampson, Raudenbush, & Earls, 1997; Shaw & McKay,
1942). However, whether community-level processes also influence other forms
of crime, such as violence between intimate partners, is not yet clear. There are
theoretical reasons not to expect such a link. For example, some have argued
that because intimate partner violence (IPV) often occurs in private places, the
participants are unlikely to be influenced by community conditions and processes
(Gelles, 1983). Community crime-inhibiting processes, which typically involve
public surveillance and other forms of informal social control, are assumed to
operate only in public places and thus not to penetrate “behind closed doors”
(Sampson & Raudenbush, 1999). Another reason to expect weak communitylevel effects on IPV is that community intervention may not be a shared value
among residents. Browning (2002; Browning, Feinberg, & Dietz, 2004) suggests
that the likelihood of community intervention in any type of violent situation
depends on the degree to which the control of violence is a shared value within
the community. Whether the control of violence among inti- mates can be
assumed to be a shared value in all communities is debatable.
In spite of these theoretical expectations, however, there is a growing body of
evidence suggesting that neighborhood levels of IPV are influenced by the
structural characteristics of neighborhoods, such as neighborhood racial and
economic make-up (Benson, Fox, DeMaris, & Van Wyk, 2003; Browning, 2002;
Lauritsen & White, 2001; Miles-Doan, 1998). Though provocative in that they
appear to contradict theoretical expectations, these studies suffer from two
shortcomings. First, data limitations have largely prevented previous researchers
from using hierarchical modeling techniques in their analyses. Multilevel
modeling is necessary in order to properly investigate the effects of individual
and ecological variables (Raudenbush & Bryk, 2002) on outcomes such as
neighborhood rates of IPV. Failure to use such techniques may lead to erroneous
conclusions regarding contextual versus compositional effects on IPV. For
instance, the correlated error between characteristics of individuals and the
characteristics of the neighborhoods in which they live complicates the
identification of their unique effects on the outcome. Standard pooled regression
procedures may fail to take this correlation into account and thus over- or understate the importance of compositional or contextual effects (Raudenbush & Bryk,
2002; Wilcox Rountree, Land, & Miethe, 1994). Thus, while previous research
suggests that community characteristics do influence IPV, the case has not yet
been shown conclusively.
The second shortcoming follows from the first. With respect to street crime, the
influence of the structural characteristics of communities has been shown to
operate via intervening social mechanisms, such as collective efficacy and
informal social controls (Bellair, 1997; Lowenkamp, Cullen, & Pratt, 2003; Maimon
& Browning, 2010; Mazerolle, Wickes, & McBroom, 2010; Morenoff, Sampson,
&
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Raudenbush, 2001; Sampson & Bartusch, 1998; Sampson & Groves, 1989;
Sampson et al., 1997; Silver & Miller, 2004; Warner & Roundtree, 1997).
Because of data limitations, most previous IPV research, with the exception of
Browning (2002) which we will discuss below, has not modeled these intervening
mechanisms. Instead, researchers have demonstrated only that various structural
measures of neighborhood disadvantage are related to rates of IPV (Benson
et al., 2003; Benson, Wooldredge, Thistlethwaite, & Fox, 2004; Lauritsen &
Schaum, 2004; Lauritsen & White, 2001; Miles-Doan, 1998; VanWyk, Benson,
Fox, & DeMaris, 2003). Thus, whether community characteristics influence IPV
through the same intervening mechanisms as they do street crime is not yet known
(Browning, 2002). The present study addresses both of these shortcomings and
thereby extends our understanding of the linkages between communities and
crime, specifically IPV. Using data from the Project on Human Development in
Chicago Neighbor- hoods (Earls, Brooks-Gunn, Raudenbush, & Sampson,
2002), we investigate the effects of neighborhood disadvantage and collective
efficacy on IPV, controlling for individual-level covariates. We examine two
related questions. First, does neighborhood context matter to IPV, or more
precisely, does the apparent relationship between neighborhood disadvantage
and IPV represent a true contextual effect, or is it merely a reflection of
compositional differences between neighborhood populations? Second, if
neighborhood disadvantage does influence
IPV, is this effect mediated by neighborhood collective efficacy?

Community Context versus Population Composition
Marked variations in rates of crime across neighborhoods in US cities have long
been observed. Associations have been documented between crime and such
neighborhood features as community socioeconomic status, ethnic
heterogeneity, residential mobility, family disruption, housing deterioration,
residential overcrowding, and population density (Byrne & Sampson, 1986;
Greenberg, Rohe, & Williams, 1982; Kasarda & Janowitz, 1974; Sampson,
1986, 1988; Shaw & McKay, 1942). That these associations remain despite the
complete turnover of the resident populations suggests to some that the
structural features of neighborhoods play a role in the etiology of crime (Bursik &
Webb, 1982; Stark, 1987). However, neighborhoods are selective regarding the
socio-demographic profiles of the residents they attract, and many of the
structural characteristics that previous research has documented as covariates of
crime are aggregated characteristics of individual residents. This connection
between individual and structural characteristics complicates the identification of
contextual effects.
As Sampson notes:
An aggregate offense rate may be positively related to the percentage of the
population that is black because blacks have a higher rate of offending than do
whites (an effect of composition) or because blacks in cities with a large black
population have higher offending rates than do blacks in areas where they are a
minority (an effect of context). (Sampson, 1986, p. 275)
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To determine whether neighborhood conditions independently influence the
prevalence of any particular form of crime, individual-level covariates must first be
controlled. This is necessary to rule out compositional differences between
neighborhoods as the explanation for variation in neighborhood rates of crime.
Hierarchical modeling techniques (e.g., Hierarchical Linear Modeling (HLM),
Raudenbush & Bryk, 2002) have been developed to address these concerns,
and are increasingly being used in place of pooled regression techniques to
deter- mine neighborhood effects on outcomes such as crime and victimization
rates (e.g., Kubrin & Weitzer, 2003; Wilcox Rountree et al., 1994). Hierarchical
modeling is preferred because of its ability to overcome potential sources of bias
that may arise when using pooled regression techniques with multilevel data.
Three common problems can arise when using pooled regression with multilevel
data. First, correlated error can exist among individuals within aggregates
because the individuals may not be randomly distributed across the aggregates.
Second, heteroskedasticity might exist at the aggregate level because there may
be unequal numbers of individuals existing within each aggregate. Finally, tests
of null hypotheses at the aggregate level are based on the wrong unit of analysis
because they are based on the number of individuals within the sample instead
of the number of aggregates within the sample, which is the appropriate unit of
analysis to examine (Raudenbush & Bryk, 2002).
Hierarchical modeling addresses these problems by acknowledging the nested
nature of multilevel data. That is, hierarchical techniques recognize that individuals
are not independent of the aggregates in which they live, and adjust for the
potential problems created by correlated error. Hierarchical modeling also uses
generalized least squares to address the heteroskedasticity that can result from
unequal numbers of individuals existing within aggregates (Raudenbush & Bryk,
2002). Finally, multilevel modeling bases hypotheses tests at the aggregate level
on the number aggregates in the sample instead of the total number of individuals in
the sample. Hierarchical techniques have been found to provide reliable
hypothesis tests, valid parameter estimates, and consistency in estimates across
both individual- and aggregate-levels of analysis (Raudenbush & Bryk, 2002), and
have thus become the techniques of choice to use with multi-level data.
It is important to note that the problems described above commonly arise in
multilevel datasets where aggregate context impacts the outcome under
investigation. While it is possible to adjust for some of these problems when
using pooled regression techniques (e.g., using weighted techniques, see
Lauritsen, 2001 for instance), hierarchical modeling has nonetheless become the
alternative to pooled regression under these situations. Unfortunately, data
limitations have precluded previous researchers1 from using these techniques to
examine neighborhood effects on partner violence. We address that limitation
here. In doing so, we also investigate more completely than heretofore possible
whether social disorganization theory can be applied to IPV.

1. With the exception of Browning (2002).
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Individual- and Couple-level Predictors of Intimate Partner Violence
Traditionally, research on IPV has focused on characteristics of the individuals
and couples involved in partner violence. At the individual level, a number of
characteristics have been identified as significant predictors of IPV, including
race, age, socioeconomic status (e.g., Bachman & Saltzman, 1995; DeMaris,
Benson, Fox, Hill, & Van Wyk, 2003; Lockhart, 1987; Plass, 1993), employment
and educational attainment (e.g., MacMillian & Gartner, 1999), alcohol and drug
use (Kaufman Kantor & Straus, 1987), traditional gender ideologies (e.g.,
Sugarman & Frankel, 1996), and access to social support (e.g., Stets, 1991).
Couple-level predictors include relationship status, such as being married,
cohabiting, or dating (e.g., Yllo & Straus, 1981), and the number of children in the
household (DeMaris et al., 2003).
Specifically, young minority females from low socioeconomic strata with low
education and occupational attainment are most at risk to be victimized by IPV
(Bachman & Saltzman, 1995). Also, women who abuse substances are at
increased risk to experience as well as engage in this type of violence (Caetano,
Schafer, & Cunradi, 2001; Kaufman Kantor & Straus, 1987) as are females who
receive little to no support from others (Stets, 1991; Van Wyk, Benson, Fox, &
DeMaris, 2003). Being in a relationship with a male who abuses substances or
who ascribes to traditional gender role ideologies also increases women’s risk of
victimization (Caetano et al., 2001; Kaufman Kantor & Straus, 1987; Stith, Smith,
Penn, Ward, & Tritt, 2004; Sugarman & Frankel, 1996; Thompson & Kingree,
2006). Women who are dating or cohabiting with their significant other but who are
not married to them face the highest risk of being victimized (Stets, 1991; Yllo &
Straus, 1981). Finally, the number of dependent children in a household also
appears positively related to the likelihood of violence in the home (DeMaris et al.,
2003; Voydanoff, 1990). Although a variety of theoretical accounts have been put
forth to explain these relationships, we do not address them here. We include
these measures in our study in order to determine whether neighborhood factors
influence IPV after these known correlates of IPV have been accounted for.

Neighborhoods, Collective Efficacy, and Intimate Partner Violence
The influence of neighborhood characteristics on crime is often interpreted using
social disorganization theory (Shaw & McKay, 1942). Contemporary formulations
of the theory focus on the regulatory capacity of neighborhoods as they relate to
local crime rates (Bursik, 1988, 1999; Sampson & Groves, 1989). This capacity is
conceptualized as being embedded in the structure of friendship, interactional,
and communication ties between residents of local areas (Bursik, 1999; Kasarda
& Janowitz, 1974; Sampson et al., 1997). In theory, these ties can serve as
sources of social control and internal regulation in communities. The most recent
advances in the reformulation of social disorganization theory have been made
by Robert Sampson and his colleagues, who argue that when social
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ties are activated toward solving local problems they contribute to the collective
efficacy of a neighborhood; in this regard, collective efficacy involves the strength
of social bonds among residents and their willingness to work collectively to solve
neighborhood problems (Sampson et al., 1997).
Contemporary disorganization theory holds that the degree to which
community residents can establish strong relational networks is influenced by
certain structural characteristics of neighborhoods, such as rates of residential
instability and levels of concentrated economic disadvantage. For example, it is
presumably more difficult to establish and maintain relational networks in
communities characterized by rapid population turnover (Kornhauser, 1978).
Likewise, residents of areas characterized by high-level social and economic
disadvantage are likely to feel alienated, powerless, and socially isolated (Ross &
Mirowsky, 2009; Stark, 1987). These feelings work against the development of
collective actions to solve social problems like crime (Sampson et al., 1997).
Thus, neighborhoods with high rates of residential instability and economic
disadvantage are expected to have low collective efficacy and correspondingly
high crime rates. As predicted, variation in collective efficacy has been found to
influence street- related crime and violence rates in neighborhoods (Maimon &
Browning, 2010; Mazerolle et al., 2010; Morenoff et al., 2001; Sampson &
Raudenbush, 1999; Sampson et al., 1997). Indeed, with respect to a wide variety
of street crimes, research has now established two important facts: (1) the
empirical association between neighborhood structural characteristics and crime
is at least partly contextual and not entirely compositional, and (2) the effects of
structural characteristics on crime are at least partially mediated by collective
efficacy.
The state of knowledge regarding potential neighborhood effects on IPV is
currently at the same point that research on street crime was prior to the
development of the systemic model (Kasarda & Janowitz, 1974) and the
theoretical and methodological advances of Sampson and colleagues. A number
of studies have found evidence of neighborhood effects on IPV (see Benson et
al., 2003, 2004; Browning, 2002; Lauritsen & Schaum, 2004; Lauritsen & White,
2001; Li et al., 2010; Miles-Doan, 1998; VanWyk et al., 2003), but very little
research has explored whether the connection between neighborhood structural
characteristics and IPV arises because of variation in the regulatory capacity or
collective efficacy of neighborhoods (e.g., Browning, 2002).
In one of the first examinations of neighborhood effects on IPV, Miles-Doan
(1998) found that spousal violence was six times higher in areas of concentrated
poverty than in other neighborhoods. Research by others has also indicated that
disadvantage impacts neighborhood IPV rates. For example, Benson and
colleagues found that concentrated disadvantage was related to an increased
likelihood of IPV in couples (Benson, Fox, DeMaris, & Van Wyk, 2000;
Benson et al., 2003; VanWyk et al., 2003). Consistent with social disorganization
expectations, Lauritsen and her colleagues have reported that neighborhood
disadvantage is associated with higher risk of victimization by intimates
(Lauritsen & White, 2001) and indicators of disadvantage, such as the
percentage of female- headed households in an area, maintain a direct effect on
community rates of
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violence against women (Lauritsen & Schaum, 2004). However, the direct effect
of disadvantage on IPV may be relatively weak; Lauritsen and Schaum (2004)
demonstrated that one-fourth of the relationship between community context and
violence was accounted for by individual- or family-level predictors. Clearly,
questions remain regarding the relative effects of contextual and compositional
factors on IPV, and further research is needed to clarify these relationships.2
Compared to the research on neighborhood disadvantage, the influence of
collective efficacy on partner violence has received much less attention. Again,
this is largely due to data limitations. Nevertheless, it demonstrates how research
in the area has so far failed to keep up with the recent methodological and
substantive extensions of the systemic model. There are several reasons to
expect that collective efficacy may lower neighborhood partner violence rates.
First, collective efficacy involves residents’ willingness to intervene for the
common good of the neighborhood (Sampson et al., 1997). Men who live in
neighborhoods that are high in collective efficacy may expect that neighbors will
directly intervene if their wives or cohabiting partners tell others about the
violence, and as such they may be less willing to engage in IPV. Thus, collective
efficacy may function to deter IPV. Second, collective efficacy may increase the
likelihood that an IPV victim will confide in a neighbor or seek help from them
(Browning, 2002). Once the violence becomes publically known, the victim’s
friends and neighbors may then intervene either by helping the victim to leave the
violent relationship or by confronting the offender about his behavior. Third,
Bursik (1999, p. 95) argues that even if neighbors do not directly intervene in
someone’s misbehavior, a potential perpetrator may still be deterred from using
violence because he believes neighbors could become aware of the misbehavior,
and he could become the subject of gossip and ridicule. According to Bursik, this
type of effect may even be stronger when the neighbors involved are not close
friends but rather mere “nodding” acquaintances. Intimate friends are likely to
know more of the exculpating or mediating details of an event. They also know
the offender as a whole person, someone who has admirable traits that may
counterbalance his or her occasional missteps. But for people who lack this
intimate degree of familiarity with the offender, the act becomes the sole basis for
judging his or her character. In neighborhoods where many people know one
another, even if not intimately, once something like IPV becomes known outside
the home, it is likely to spread quickly and widely. Involvement in even one
instance of IPV may get one branded with the master status of “wife-beater”
(e.g., Bursik, 1999).
2. While concentrated disadvantage has consistently been found to be related to IPV, the same does
not appear to be true for residential mobility and IPV. For instance, neither Browning (2002) nor
Benson et al. (2003) found residential mobility to be predictive of IPV. Because previous research has
largely found residential mobility to be unimportant with respect to neighborhood IPV, we limited our
analyses here to concentrated disadvantage and collective efficacy only. We did, however, conduct
analyses with residential mobility included in our final models. It was not a significant predictor of
neighborhood prevalence rates of IPV and did not change the substantive findings of the final models.
It is therefore not reported.
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Browning (2002) has conducted the only examination of collective efficacy and
IPV to date. He used data from the PHDCN to measure collective efficacy, but he
used data from a different study, the Chicago Health and Social Life Survey, to
construct his measures of IPV. Using ordered logit models, Browning (2002)
found that collective efficacy significantly reduced partner violence against
females. However, after controlling for individual and relationship characteristics,
he failed to find any relationship between the structural characteristics of
neighborhoods (concentrated disadvantage, residential mobility, and
immigration) and rates of severe IPV.3 Accordingly, he concluded that his results
“challenged the expectations of social disorganization theory with respect to the
impact of neighborhood structure” on IPV (Browning, 2002, p. 848). There are
reasons, however, to be cautious about this conclusion. Browning’s (2002)
analysis of IPV was based on a sample size of only 199 respondents distributed
across 77 neighborhoods. As he (2002, p. 848) notes, having so few
respondents in each neighborhood makes it difficult to identify neighborhoodlevel effects. Further, Browning (2002) found that collective efficacy was a
powerful predictor of IPV, significantly reducing non-lethal severe partner
violence against females even after individual and relationship factors had been
considered. Taken together, Browning’s (2002) results suggest that collective
efficacy is the more relevant and proximate neighborhood influence on IPV than
structural disadvantage. However, as our results will show, it is premature to
conclude that the structural characteristics of neighborhoods have no effect on
rates of IPV or that the impact of collective efficacy on IPV is stronger than that of
disadvantage.
Our study moves beyond Browning’s important work in several ways. First, our
measure of IPV comes directly from the PHDCN Conflict Tactics Scale (CTS)
Interview (e.g., Straus, 1979). Using the PHDCN data, we have a significantly
larger sample than Browning. The larger sample size at our disposal permits us
to disentangle the compositional and contextual effects on IPV using hierarchical
Bernoulli modeling techniques to model the individual- and neighborhood- level
predictors of IPV. Finally and most importantly, our findings suggest that the
relationship between the structural characteristics and IPV may be more
pronounced than demonstrated by Browning’s (2002) results, while the relationship between collective efficacy and IPV may be weaker than he originally
indicated.

3. Browning (2002) also conducted a macro-level analysis of concentrated disadvantage, immigrant
concentration, and residential stability on intimate partner homicide (IPH). While he found that
concentrated disadvantage significantly impacted partner homicide, we do not focus on those results
here for two reasons. First, our outcome, severe IPV, is much different than partner homi- cide, and
second, Browning did not examine the influence of disadvantage on IPH after individual- level
characteristics (e.g., age, race, marital status) were accounted for. As mentioned, we are concerned
with whether disadvantage and collective efficacy influence partner violence after indi- vidual-level
correlates have been controlled.
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Data and Methods
Data
This study used data from the Project on Human Development in Chicago
Neighborhoods (PHDCN; Earls et al., 2002). The PHDCN involves a number of
different units of analysis and data collection efforts. Overall, data were collected
from 343 neighborhood clusters (NCs) in Chicago. The NCs were derived from
847 contiguous census tracts in the city. The census tracts were grouped by
seven categories of racial and ethnic composition (e.g., 75% or more AfricanAmeri- can) and three levels of socioeconomic status (e.g., high, medium, low);
based on these groupings, the census tracts were then collapsed into 343 NCs.
Each of the NCs comprised about 8,000 residents.4 From these NCs, data for the
PHDCN were collected in different components. We used data from the
Community Survey, the Longitudinal Cohort Study (LCS), and the 1990 United
States Census to derive the measures needed for our investigation.
Individual-level predictors of IPV were created from data collected between
1994 and 1997, during the first wave of the LCS. The LCS sampled 6,228
children, adolescents, and young adults from 80 NCs and followed them over a
period of seven years. However, the subjects’ primary caregivers were also
interviewed. The primary caregiver was considered to be the adult male or
female who spent the most time taking care of the subject.5 Young adult subjects
of the LCS who were 18 years or older were also asked the same questions as
the primary caregivers of younger children. Since our study is concerned with IPV
against women in relationships, we focused only on female caregivers and
female young adult subjects who reported being in a married, cohabiting, or
dating relationship within the year prior to the PHDCN study. Hereafter, we refer
to the subjects of this study (e.g., the female caregivers and young adult
subjects6) as the respondents. Our final sample includes 4,640 respondents who
reported being in a relationship during the year prior to the PHDCN study. Data
on our dependent variable and the individual-level independent variables are
taken from the LCS.
Data for the measure of collective efficacy were derived from the Community
Survey portion of the PHDCN. The Community Survey took place between 1994
and 1995, and surveyed a sample drawn from all 343 NCs; residents were asked
questions regarding their neighborhood’s political and organizational groups,
cultural values, social networks, informal and formal social control, and the level
of social cohesion between neighbors. The Community Survey segment of the
PHDCN followed a three-stage sampling design where city blocks were sampled
within each NC, dwelling units were then sampled within blocks, and one adult
resident was sampled within each dwelling unit. The present study
4. “Neighborhood clusters” and “neighborhoods” will be used interchangeably throughout the
remainder of this study.
5. Most (93.2%) of the primary caregivers in the original PHDCN were females.
6. A total of 242 respondents (5.2%) of our final sample were young adult subjects.
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examines the 80 NCs in which the individual respondents from the LCS were
nested.7
Finally, to measure neighborhood disadvantage, data collected during the
1990 United States Census were abstracted. Recall that each NC was comprised
of a number of contiguous census tracts. To provide census information at the
NC level, staff at the Interuniversity Consortium for Political and Social Research
(ICPSR) matched census tract information with corresponding NCs8 and
calculated census-derived information for each NC. This study uses the data
created from ICPSR’s endeavor to measure the structural characteristics of the
80 NCs in which the respondents resided.

Measures
Table 1 describes the measures used in this study. All level-one measures were
provided by the respondents, and refer to characteristics of the individuals within
the relationship (e.g., female’s age, male’s substance use) or characteristics of
the couple (e.g., married, cohabiting, or dating). Because these measures are
separate from the neighborhood-level variables, and for ease of interpretation,
we hereafter refer to those measures as individual-level or level-one predictors.
Table 1 Descriptive statistics1
x¯

SD

Minimum

Maximum

0.15

0.35

0.00

1.00

Level-one independent variables
Age
Education
Latino
African-American
Unemployment
Substance abuse by female
Substance abuse by male
Patriarchal views
Social isolation
Family size
Income
Not married and cohabiting
Married and cohabiting

31.96
1.97
0.46
0.33
0.49
0.03
0.09
0.42
0.00
5.37
3.95
0.16
0.57

8.62
0.93
0.50
0.47
0.50
0.17
0.29
0.49
1.00
2.03
1.94
0.37
0.49

15.00
1.00
0.00
0.00
0.00
0.00
0.00
0.00
0.92
2.00
1.00
0.00
0.00

82.38
3.00
1.00
1.00
1.00
1.00
1.00
1.00
3.31
14.00
7.00
1.00
1.00

Level-two independent variables
Concentrated disadvantage
Collective efficacy

0.00
0.01

1.00
0.22

1.59
0.46

2.42
0.64

Dependent variable
IPV

1Descriptive statistics

are based on 4,640 individuals within 80 neighborhood clusters.

7. The data from the Community Survey were provided by respondents who were largely
independent of the respondents in the LCS.
8. The matching process was conducted by researchers at ICPSR in order to ensure the
confidentiality of the participants of the PHDCN.

Dependent variable
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The outcome variable examined in this study was intended to tap the prevalence
of severe female IPV victimization. We focus on the prevalence of IPV since this
measure has been examined by previous researchers (e.g., Benson, Browning,
Lauritsen) and is a standard measure used in the literature. Our measure of IPV
was derived from the CTS (Straus, 1979) interview portion of the PHDCN.
Respondents were asked how many times during an argument with their partner
in the past year their partner had kicked, bit, or hit them with their fist; hit or tried
to hit them with something; beat them up; choked them; threatened them with a
knife or a gun; and used a knife or fired a gun. These acts of physical aggression
are considered severe acts of violence (Straus, 1979; Straus, Hamby, BoneyMcCoy, & Sugarman, 1996). IPV was defined as a dichotomous measure,
indicating whether the female in the relationship had ever been victimized by any
of the above acts of severe violence at least one time during the past year. Table
1 demonstrates that approximately 15% of the women in this sample experienced
severe IPV at least one time during the preceding year. This estimate is similar to
estimates derived from other large-scales surveys that employed similar
operationalizations of IPV. For instance, the National Crime Victimization Survey
estimates that approximately 11% of all violence occurs between spouses or
non-married partners (Durose et al., 2005), while data from the National Family
Violence Survey estimate that number to be over 16% (Straus, Gelles, &
Steinmetz, 2006).

Independent variables
Level-one variables. The level-one independent variables were selected based
on the relevant predictors of IPV discussed above and follow closely from
previous analyses (e.g., Benson et al., 2003; Browning, 2002; Lauritsen &
Schaum, 2004; O’Campo et al., 1995). In particular, the victim’s age, education,
race/ethnicity, employment status, substance abuse, and isolation, and their
male partner’s substance abuse and patriarchal views were considered to be key
predictors of IPV victimization among females. Age is the female’s age in years,
while education was an ordinal measure indicating the highest level of education
reached by the female (1 = less than high school …, 3 = more than high school).
As shown in Table 1, females in this study, on average, were about 32-year old
and most had not graduated from high school. Two separate dichotomous
variables, Latino and African-American, tapped the race/ethnicity of the
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female.9 Forty-six percent of the females in this sample were Latino, while 33%
were African-American. Unemployment denotes that the female was unemployed
at the time of the study or had been unemployed during the year prior to the
PHDCN study.
Male and female substance abuse was captured with two dichotomous
variables (1 = yes, 0 = no). Substance abuse indicates that drinking and/or drug
use were reported to have caused problems with the male’s or female’s health,
family, or job, or resulted in encounters with the police. Patriarchal views
indicated that the male partner in the relationship made most of the decisions in
the relationship (coded as 1 = yes, 0 = no). The measure was designed to
identify couples in which decision-making power was not equally shared between
the partners. Table 1 shows that the male partner made most of the household
decisions in 42% of couples.
A scale measuring social isolation among women was derived through
principle components analysis of five items (eigenvalue = 2.099;  = 0.622).
Specifically, social isolation was composed of variables tapping whether the
female has one or more friends that they can tell anything to; whether they feel
close to some of their friends; whether they have family members who help them
find solutions to their problems; whether they have friends who would take time
to talk about their problems; and whether they feel alone even when they are with
friends (reverse coded). Responses were given from one to three on a Likerttype scale (e.g., “very true,” “somewhat true,” “not true”). Higher numbers on this
variable reflect higher levels of isolation.
Other level-one predictors of IPV included family size, income, and marital and
cohabitation status. Family size reflected the number of biological and nonbiological members of the family living in the household. Income was an ordinal
variable (1 = < $5,000; 2 = $5,000–$9,999; 3 = $10,000–$19,999 …, 7 = >
$50,000)
denoting the total maximum personal or household income earned in the past
year. Most couples reported earning between $10,000 and $19,999 during this
time period. Not married and cohabiting was a dichotomous variable indicating
whether the couple was cohabiting, while married and cohabiting was a
dichotomous variable indicating whether the couple was married and living
together.10 Most females (57%) in the current study were married and living with
their partners during the PHDCN study period.

Level-two variables. The neighborhood-level variables assessed in this study
were neighborhood concentrated disadvantage and collective efficacy. Based on
research by Sampson et al. (1997), concentrated disadvantage was created
through principle components analysis of the NC census data described
above.11 The concentrated disadvantage scale included the percent of
residents in a NC who were below the poverty line, receiving public assistance,
9. Non-Latino white served as the reference category.
10. Partnered but not cohabiting served as the reference category.
11. Unlike Sampson et al. (1997), however, our principle components analysis was conducted only on
the 80 NCs examined in this study.
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African-American, unemployed, younger than 18-year old, and living under
female-headed households ( = 0.70).
To construct the measure of neighborhood collective efficacy, we followed the
procedures used in previous analyses of the PHDCN data (e.g., Browning, 2002;
Browning et al., 2004; Morenoff et al., 2001; Raudenbush & Sampson, 1999;
Sampson & Raudenbush, 1999; Sampson et al., 1997). Collective efficacy
measured the degree of informal social control and social cohesion between
neighbors, and was derived from the Community Survey data. To assess informal
social control, residents were asked the likelihood that neighbors could be
counted on to intervene if:
(1)
(2)
(3)
(4)
(5)

children were skipping school and hanging out on a street corner;
children were spray painting graffiti on a local building;
children were showing disrespect to an adult;
a fight broke out in front of their house; and
the fire station closest to their home was threatened with budget cuts.

Responses were given from one to five on a Likert-type scale ranging from “very
unlikely” to “very likely.”12 Regarding social cohesion and trust between
neighbors, residents were asked how strongly they agreed to the following
statements:
People around here are willing to help their neighbors.
This is a close-knit neighborhood.
People in this neighborhood can be trusted.
People in this neighborhood generally don’t get along with each other
(reverse coded).
(5) People in this neighborhood do not share the same values (reverse coded).
(1)
(2)
(3)
(4)

Responses were given from one to five on a Likert-type scale ranging from
“strongly disagree” to “strongly agree”13 (see also Browning, 2002; Browning
et al., 2004; Morenoff et al., 2001; Sampson et al., 1997). The internal
consistency reliability of this scale at the NC-level was 0.85 (for more details
regarding item response scale reliabilities across aggregates, see Raudenbush &
Sampson, 1999; Sampson & Raudenbush, 1999).
A three-level item response model estimated using hierarchical modeling
techniques (Raudenbush & Bryk, 2002) was used to construct the measure for
collective efficacy. For this model, indicators of neighborhood collective efficacy
were taken from residents’ responses to the PHDCN Community Survey, as
described above. The construct of collective efficacy cannot be directly
12. Following from Sampson et al. (1997), “Neither” and “Don’t know” categories were combined and
coded in the middle category of “neither likely nor unlikely.”
13. Following previous research (e.g., Sampson et al., 1997), “Neither” and “Don’t know” categories
were combined and coded in the middle category of “neither agree nor disagree.”
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observed and is therefore considered a latent variable (Raudenbush & Bryk,
2002). Collective efficacy is instead measured by several indicators; these
indicators are residents’ responses to survey questions. Following Sampson et
al. (1997), Browning (2002) and his colleagues (2004), and Morenoff et al.
(2001), the item response model used the responses to the Community Survey
questions to create the measure of collective efficacy. Like these researchers,
the level- three residuals from the item response model were used in this study
as the neighborhood scores of collective efficacy.14

Analytic Strategy
Recall that our research questions attempt to discern whether neighborhood
context matters to IPV, and specifically, whether disadvantage and collective
efficacy are predictors of this violence. Hierarchical statistical modeling
techniques (Raudenbush & Bryk, 2002) were used to construct the measure of
collective efficacy, as well as to estimate the separate and combined effects of
individual- and neighborhood-level predictors on IPV. Two separate HLM models
were used. The first was the three-level item response model that identified and
created the measure of collective efficacy, described above. The second set of
HLM models were two-level hierarchical Bernoulli models using HLM 6
(Raudenbush, Bryk, Cheong, Congdon, & Toit, 2004) software to examine the
effects of neighborhood characteristics on neighborhood prevalence rates of IPV
after individual-level effects had been examined.
The hierarchical analyses proceeded in several stages. The first step involved
estimating an unconditional model to determine whether the variation in IPV
between neighborhoods was significant as well as to estimate the amount of
variation in IPV that existed at each level of analysis. This analysis revealed that
IPV significantly varied across neighborhoods (p  0.001; 2 = 0.94964;  =
0.23644). The second step involved the estimation of the random coefficients
model to determine the effects of the individual-level (level-one) predictors on
IPV. This model allowed for the examination of the significance of those effects, as
well as a determination of which effects differed significantly across
neighborhoods (at the p  0.05 level). The effects of females’ race (e.g., Latino
and African-American) and substance abuse as well as males’ patriarchal views
did not vary significantly across NCs, and were therefore “fixed” for the estimation
of all subsequent models (e.g., intercepts-as-outcomes models, described
below). All level-one predictors were grand mean-centered in order to remove the
compositional differences between neighborhoods. The third step involved the
examination of the main effects of neighborhood characteristics on the level-two
outcomes (e.g., neighborhood rates of severe female IPV victimization).

14. Due to space considerations, a description of the item response model is not provided here. A full
description of the model, however, is available from the first author.
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This step also allowed all fixed and varying level-one predictors to influence IPV
before the effects of neighborhood variables were estimated.15

Results
Tables 2 and 3 present the results of this study.16 The results of the individuallevel predictors in Table 2 demonstrate that older women living in higher- income
households are less likely to be victimized by IPV, which is consistent with
previous research (e.g., Bachman & Saltzman, 1995). African-American women
and females whose partners abuse substances or who hold patriarchal views are
more likely to be victimized by IPV, as are those in larger households and who
are not married but living with their partners (e.g., Caetano et al., 2001; DeMaris
et al., 2003; Kilpatrick, Acierno, Resnick, Saunders, & Best, 1997; Stith et al.,
2004; Sugarman & Frankel, 1996). Non-significant variables included
Table 2 Random coefficients model predicting the prevalence of IPV1

Intercept
Level-one independent variables
Age
Education
Latino2
African-American2
Unemployment
Substance abuse by female2
Substance abuse by male
Patriarchal views2
Social isolation
Family size
Income
Not married and cohabiting
Married and cohabiting
2



SE

1.44**

0.03

0.02**
0.06
0.00
0.21*
0.07
0.18
0.46**
0.18**
0.01
0.03*
0.05**
0.21*
0.08

0.00
0.04
0.09
0.09
0.07
0.19
0.11
0.05
0.03
0.02
0.02
0.10
0.09

115.07**

2

0.69542

*p  0.05; **p  0.01 (two-tailed).
1Results are based on
2Coefficient

4,640 individuals within 80 neighborhood clusters.

does not vary significantly (p  0.05) across neighborhood clusters.

15. Although criminologists have begun to examine spatial effects in neighborhood-level research
(e.g., Morenoff et al., 2001), we do not consider them here because the 80 NCs analyzed in this study
were sampled using a stratified probability design from the larger 343 NCs described above, and are
thus not all contiguous.
16. Collinearity was not a problem for any models presented (e.g., tolerance values >0.48, see
Allison, 1999).
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Table 3 Hierarchical Bernoulli level-two main effects on IPV (level-one intercepts as
outcomes)1
Model 1

Intercept
Level-two variables
Concentrated disadvantage
2

df

Collective efficacy

Model 2

Model 3



SE



SE



SE

1.45***

0.03

1.44**
*

0.03

1.45***

0.03

0.12***

0.04

—
—
−0.25*
0.15
113.80***
0.14063
78

0.11**

0.04

—
—
106.00***
0.10765
78

−0.06
0.14
106.69***
0.11209
77

*p  0.10; **p  0.05; ***p  0.01 (two-tailed).
1Based

on 80 neighborhood clusters.

female education, Latino race/ethnicity, unemployment, substance abuse, social
isolation, and living with one’s spouse.
Turning to the neighborhood-level analyses, our results indicate that
neighborhood factors significantly impact partner violence even after individuallevel predictors have been accounted for. Model 1 in Table 3 shows that contrary
to Browning (2002)’s findings, neighborhood-concentrated disadvantage is a
powerful predictor of neighborhood prevalence rates of IPV, after controlling for
individual-level predictors. These results indicate that IPV is more likely to occur
in neighborhoods characterized by disadvantage and poverty. That concentrated
disadvantage is a predictor of IPV further suggests that this type of violence is
not only an individual-level phenomenon.
The finding that neighborhood disadvantage influences IPV also raises
additional theoretical questions regarding the possible effects of collective
efficacy on IPV. That is, does this intervening mechanism influence IPV in a
fashion similar to its effects on neighborhood levels of street crime? Again,
Browning (2002) found strong evidence that neighborhood collective efficacy
reduced IPV. Model 2 in Table 3 shows that collective efficacy is a modest but
significant predictor of neighborhood prevalence rates of partner violence.
Neighborhoods characterized by high levels of cohesion among residents and
who share a willingness to intervene in neighborhood problems experienced
lower rates of IPV. Thus, it appears that collective efficacy functions as a
protective factor against violence between partners just as it does with street
crime, although its effect on IPV does not appear to be as strong as its effect on
street crime.
However, contrary to Browning’s (2002) findings, the results presented in
Model 3 suggest that unlike its relationship with street crime collective efficacy
does not mediate the relationship between disadvantage and neighborhood rates
of IPV. As shown in Model 3, collective efficacy is not significant when it is
included in the same model as disadvantage. Although the significance of
disadvantage is reduced to the p  0.05 level, the magnitude of its
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effect remained substantively unchanged in Model 3 compared to Model 1. Thus,
our findings regarding disadvantage and collective efficacy differ from those
reported by Browning (2002). While he found disadvantage to be unimportant
and collective efficacy to be very important to IPV, we found that disadvantage
was a stronger predictor of IPV and collective efficacy was a relatively weak
predictor.

Discussion and Conclusions
In this study, we have attempted to advance the understanding of IPV and to
explore the applicability of social disorganization theory to IPV, a “private” form of
crime. First, we focused on determining whether the previously observed
relationship between neighborhood context and IPV was contextual or
compositional. We used HLM techniques to address this issue. Previous
research has suggested that neighborhood disadvantage impacts neighborhood
partner violence rates, but limitations in data and modeling techniques largely
prevented accurate estimates of the true size of neighborhood effects. Lauritsen
and Schaum’s (2004) research suggested that up to one-fourth of the relationship
between neighborhood factors and IPV could be accounted for by individual-level
factors, indicating a strong compositional interpretation of the neighborhood
disadvantage and IPV relationship. Browning’s (2002) analysis also suggested that
variation in IPV across neighborhoods was due to compositional differences in
their resident populations, since neighborhood structural factors were not
significant predictors of IPV when individual-level characteristics were accounted
for. Our analysis, however, showed that neighborhood characteristics
significantly influence the level of IPV within neighborhoods even after individuallevel predictors have been controlled. Thus, although IPV is impacted by
individual- level factors, it does not appear to be an entirely individual-level
phenomenon. The answer to our first research question, then, is that the
relationship between neighborhood disadvantage and IPV represents a true
contextual effect and is not merely a reflection of compositional differences
between neighborhood populations.
Second, we examined whether collective efficacy mediates the relationship
between neighborhood disadvantage and partner violence, as it has been found
to do with other outcomes (e.g., Browning, 2002; Sampson et al., 1997). We
found that both structural disadvantage and collective efficacy are related to IPV,
with disadvantage being the more powerful predictor of the two. Further- more, it
appears that collective efficacy does not mediate the relationship between
neighborhood disadvantage and IPV. Thus, contrary to Browning (2002, p. 848),
our results suggest that the expectations of social disorganization theory
regarding the impact of neighborhood structure on IPV are confirmed rather than
challenged.
Exactly how concentrated disadvantage influences violence between partners
remains an open question. There are several possibilities. First, regarding IPV,
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disadvantage may operate in the same manner that it impacts ordinary street
crime, that is, through informal social control. As posited by Kornhauser (1978)
and Shaw and McKay (1942), disadvantage may hinder the formation and
breadth of social ties between residents, which may then inhibit the application of
informal social controls over abusive men, leaving women more vulnerable to
violence from their partners (e.g., Stets, 1991).
Second, disadvantaged neighborhood conditions may produce more stress
among couples who live there as opposed to couples who live in more
advantaged neighborhoods. Disadvantaged neighborhoods are noisy,
dilapidated, and crowded. They are physically unpleasant and stressful places to
live (Stark, 1987), and fear of confrontations with others is an ever present reality
(Ander- son, 1990, 1999). These stressful conditions may provoke depression,
anger, and frustration in individuals that is expressed as violence against intimate
partners (Ross & Mirowsky, 2009).
Finally, a third possibility is that neighborhood disadvantage may foster social
isolation among residents, inhibiting the transmission among residents of
mainstream values that disapprove of violence within relationships (see Warner,
2003; Wilson, 1987). If this were the case, however, we might expect to find a
significant relationship between social isolation and IPV at the individual-level
(which we did not find). One possible explanation of the null effect for social
isolation is that our measure simply assesses whether the woman has friends or
family members that she feels she could rely on, but it does not gauge whether or
not she would actually ask them for help if needed. It is certainly possible that
some victimized women do have friends but nevertheless choose not to ask for
help or disclose the violence, while it is also possible that some isolated women
may rely heavily on the few friends or family members that they have for help.
We would also note that our findings regarding social isolation are not unique.
Others have also found that measures of social isolation are not related to IPV
at the individual level (see Benson et al., 2003). Further, we note that the
composition of the sample in this study is unlike many IPV studies in that we
include dating couples as well as those who are married or cohabiting. This may
have affected our results regarding social isolation. Some research suggests that
the social networks of married individuals work differently than those of
individuals who have not been married (Hulburt & Acock, 1990), and as such, the
networks may provide different levels of support to each group of women. The
networks of married individuals tend to be denser and more kin-centered, while
never-married individuals tend to have more non-kin friends. Hulburt and Acock
(1990) suggest that the dense kin-centered networks of married people may
provide more social support than the loose, more friendship-based networks of
non- married individuals. Thus, our results regarding social isolation may have
been affected if the networks of daters and married women work differently for
each group of women.
Our results also have implications for the social disorganization perspective in
general. We found that collective efficacy was significantly (although modestly)
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related to neighborhood prevalence rates of IPV in the expected negative
direction, but it does not appear to be as powerful an inhibitor of IPV as it is of
ordinary street crime and it does not mediate the effects of neighborhood
disadvantage on IPV. Some have suggested that this is to be expected in light of
the private nature of IPV (Gelles, 1983; Sampson & Raudenbush, 1999). Our
results, however, demonstrate that the intervening processes identified in the
contemporary formulation of disorganization theory somehow do penetrate
behind closed doors and are not limited to public places. The precise
mechanisms by which collective efficacy protects women from partner
victimization are still unknown, but we provide some speculations below.
There may be reason to expect that the effect of collective efficacy on IPV (or
other private forms of violence) is partially contingent upon social ties or the level
of integration of the perpetrator and/or the victim within the neighbor- hood
(Bursik, 1999). That is, due to the private nature of violence between partners,
neighborhood social ties with the victim or perpetrator may be necessary in order
for others to gain knowledge of the violence. Once the violence is publically
known, collective efficacy may then be relevant for intervention purposes. It has
been suggested that the more integrated a couple is within the community (i.e.,
having more social ties or contacts with others), the more likely that social control
could be enacted upon them from others (e.g., Stets, 1991; Van Wyk et al.,
2003). Thus, the relatively weak effect of collective efficacy on IPV could be due
to the fact that violent couples are less integrated into the community and thus
less open to social control from neighborhood residents.
On the other hand, our results and those of Browning (2002) suggest that
collective efficacy is related to IPV in some way. We suggest that the effect of
collective efficacy on partner violence may be more indirect than direct. It is
possible that collective efficacy is related to IPV indirectly, via its effects on helpseeking among victimized women or by increasing other forms of social support
among residents in a neighborhood. Browning’s (2002) work in this area indicates
this is certainly a plausible explanation—he found that collective efficacy
increased the likelihood that victimized women disclosed their relationship
violence to other people who could help. In addition, as we noted above, it is
possible that the level of collective efficacy in neighborhoods influences the
likelihood that events such as IPV will become public knowledge. If the likelihood
that IPV will become public knowledge is high, then potential offenders may be
deterred because they fear that they will become objects of gossip and ridicule.
Nevertheless, in light of these conflicting theoretical expectations and empirical
findings, it is probably premature at this point in time to draw firm conclusions
about the effects of collective efficacy on IPV. Although the findings presented
here conflict somewhat with those of Browning (2002), taken together the results
from both studies indicate that the precise impact of collective efficacy on IPV
remains an open question.
Several potential policy implications arise from the findings that neighborhood disadvantage fosters IPV while collective efficacy decreases it. For
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instance, police officers patrolling disadvantaged areas and who respond
frequently to calls in such neighborhoods would benefit from extra training
regarding how to appropriately respond to partner violence situations (Benson &
Fox, 2004). Further, these officers should be well acquainted with the service
providers for domestic violence in or close to disadvantaged areas so that they
can refer victims and offenders to the appropriate services when responding to
calls for help. Services for IPV, such as domestic violence shelters, “safe zones,”
access to counselors, access to safety officers, and access to safe places for
children of violent families should be strategically located in disadvantaged areas,
as these are the more likely areas to have high concentrations of IPV problems
and would thus service the population most at risk for experiencing IPV. Since
collective efficacy involves social cohesion and trust among residents, then
practices which seek to build relationships and cohesion between neighbors
might be a way to begin building collective efficacy. Community programs which
attempt to engage residents in neighborhood planning and decision- making
might increase the community’s capacity and involvement of residents;
additionally, those programs that attempt to increase residents’ feelings of
belonging to or ownership of the community may work to build cohesion between
residents (Mazerolle et al., 2010). Block-parties or organizational groups which
encourage resident’s participation and social engagements may also increase
the likelihood that residents get to know one another.
Although we think our findings are meaningful, we must acknowledge some
limitations of our study. First, we limited our analyses to severe forms of partner
violence (e.g., beating up, choking, etc.) because we believe that severe IPV is a
valid indicator of problematic violence between couples. However, other types of
violence in couples (e.g., more minor forms) may be less amenable to
neighborhood influences than we uncovered here. Future research may want to
consider this possibility. Second, we utilized data collected during the CTS
interview, where respondents reported to PHDCN interviewers. It is possible that
respondents were not accurate in reporting IPV because they did not feel
comfortable discussing such acts with strangers. However, we note that the CTS
is a well-designed, highly-regarded survey instrument commonly used in IPV
studies. In addition, the PHDCN represents a state of the art research program
that employs highly trained interviewers to gather sensitive information from
respondents. For these reasons, we continue to feel confident in the results of
our study.
Overall, the results of this study help to solidify the conclusions found in other
studies that neighborhood conditions influence the prevalence of IPV
independently of the individual characteristics of their residential populations
(e.g., Benson et al., 2003; Browning, 2002; Lauritsen & White, 2001; MilesDoan, 1998). This pattern of results shows that the destructive effects of
neighborhood poverty, disadvantage, and social disorganization extend inside
the home and that IPV is not merely an individual- or couple-level problem. Like
so many other crime-related problems, IPV has a sociological dimension, which
neither policy-makers nor researchers should ignore.
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